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Motivation: To design a unified, controllable, and zero-shot voice imitation system
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Vevo: A Versatile Zero-Shot Yoice Imitation Framework with Controllable Timbre and Style
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KEY POINT: Codebook size as the disentanglement bottleneck
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60K hours of audiobook speech data

Content / Content-Style Tokenizer: VQ-VAE tokenizer (32 / 4096) on HuBERT,
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We will release code and checkpoint at Amphion: https://github.com/open-mmlab/Amphion
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